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When we talk about Integrated
Data Systems, what do we mean?

= We're talking about people, not tech solutions.

= Efforts that link administrative data across
domains/agencies
= Efforts that curate data that is relevant an Welere Jusics
hlgh qUO|Ity Employment Homelessness

& Earnings

= Efforts that serve as a public utility (not = MG

research for research’s sake)

Assisted
Housing

- Behavioral
Education Health

= Efforts that have defined governance
structures (data is only used for approved
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AISP’S Role

v/ X

Data evangelists Data holders or intermediaries

Connectors, community builders, A vendor or vendor recommender
thought partners, cheerleaders, and
data sharing therapists

Focused on ethical data use for policy Focused on academic research
change
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What We Do

= Convene a professional network for local and state
governments working on data integration to share best
practices and problem-solve together

= Engage in advocacy on behalf of data sharing at the federal,
state, and local level

= Provide resources and sample documents on data governance,
legal considerations, data standards, and linkage technologies

= Offer training and technical assistance to help interdisciplinary
teams increase state data capacity and use
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AISP Network as of 2019

= Network of 22 operational state and local integrated data systems

= Between our three Learning Community cohorts, 12 more sites well
on their way

50%

OF THE US
POPULATION
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New Resource: 2019 Integrated
Data Matrix
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Pinellas County Data
Collaborative
Pinelos Couty, FL
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Rhode sland.
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Rhode Island.
SCIDS

x Voter Data,
DMV Data
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https://www.aisp.upenn.edu/data-integration-matrix/

What can an
integrated data
system do?




Complex Social Problems States
are Addressing with IDS

Superutilizers in Educational
Healthcare Achievement Gaps

e @siete] @ik Two-Generational

Poverty
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IDS Help Governments
& Research Partners:

AN
Support a Master Client Index and Record
Reconciliation Across Departments

\

Link Individuals Within a Family Unit
or Household

|
‘ Create Longitudinal Cohorts
|

[
Understand & Address Complex Social
Problems
/
T
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USQS Of IDS Model Testing (e.g.,

evaluations)

Model
Building

1' !

At each point along arch, IDS may be uses may be for:
* Primary research

« Policy research

« Operations/business intelligence

|

Descriptive

Epidemiological
Study of a Social \

Problem

<
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Example:

IDS in Action
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Homeless vs. Housed
Pre/Post, Propensity Score-matched Groups
PRE- N=10,000 POST-

H((?CL)JSS_:_N=G 10 years of data covered H(?Cl)J SS':'I:G

$40,449 Project Timeline: 2 years $24.167

Pre-
housing

m Post-
housing
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lowa’s

Preschool DeveloPment Grant
“Pilot”

Thank you to Heather Rouse, from lowa State University use of these slides.
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Policy-Related IDS Analytic

Questions:

= Who are the children participating in our programs, and how
do these characteristics differ for children NOT participating?

= What are the unduplicated counts of children across B-5
programs?

= Who are our underserved populations, including those
vulnerable children who are eligible but are not participating
in our programs and children living in rural areas?

= How does program participation relate to kindergarten
outcomes including literacy, attendance, and behavior?

= What are the experiences and outcomes for children with
disabilities_(i.e., IDEA Parts B and C)?
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Step 1: Birth-to-Kindergarten
Match

)

IDPH
Birth Records

Child demographics

gender, race, birth order)

Low birthweight
Preterm birth
Prenatal care
Low maternal
education (<12y)
Teen mother
Single mother

Poverty
(e.q., Medlicaid-paid birth)
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Department of
Education

Child demographics

(age, gender, race/eth)
FRPL status
ELL status

K enrollment (location &
dates)

K attendance rate
FAST K literacy
assessment
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Step 1: Birth-to-Kindergarten
Match

O ]‘
@ g
IDPH Department of
Birth Records Education
39,200 27,219 34,813
Born in lowa Born & Attend K enrolled in
(age eligible for in lowa Kindergarten
Kin SY1718) SY1718
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Step 1: Birth-to-Kindergarten
Match

= &

IDPH Department of
Birth Records 27,219 Education

Born & Attend K

in lowa
39,200 —p 69% 34,813
Born in lowa of those born in lowa enrolled in
(age eligible for attend K in lowa Kindergarten
Kin SY1718) SY1718
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Step 1: Birth-to-Kindergarten
Match

= &

IDPH Department of
Birth Records 27,219 Education

Born & Attend K

in lowa
39,200 —0p 69% 34,813
Born in lowa of those born in lowa enrolled in
(age eligible for attend K in lowa Kindergarten
Kin SY1718) 78% SY1718

of kindergarteners
were born in
lowa
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Step 2: Enrollment Patterns

(2

IDPH
Birth

Records

HV
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T Kindergarten

CCA

HS

3

SWVPP

State-funded Pre-K (DE)

DHS Child Care Bureau:
CCA applied & receipt
(dates)
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Birth-to-K Match

* 24% of B-to-K cohort applied for CCA

cC (n=6,557)
A « 6% of B-to-K cohort used a CCA subsidy
in-AY1617 (n=1,718)
& « 68% of B-to-K cohort had a
@ 4 PDEk DE-funded PreK Experience
@ @ re AY1617 (n=18,388)
39’200 27’219 67% of B-to-K cohort
[ ] 0 - -
Born in lowa Born &IAttend K TS had a TS GOLD
(age eligible for N fowd GOLD Asslegsérzllelnt in AY1617
Kin SY1718) (n=18,314)
* 73% of B-to-K cohort had
Any “any of the above” PreK
PreK experiences AY161/
e (n=19,944)
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The So What

Unduplicated Counts:
73% of Children had AT LEAST 1

experience across systems
(27% had NONE)

Preschool

15,522 Assessment
DoE PreK 1,48 DE + GOLD Data
Data S or (57%) 123 18314
(18,388;68%) 5 67%)
_ 0/ GOLD
Underserved Children: only
Children born to mother with 1.310 (4.5%)
<HS degree & with inadequate DE+G,OLD+CCA
prenatal care are (4.9%) Vulnerable Children:

Children born to teen mothers
are SIGNIFICANTLY MORE
LIKELY to receive a child care

SIGNIFICANTLY LESS LIKELY to E/

have a preschool experience

(0.2%) N 94 CCA only
(0.3%) B subsidy and SIGNIFICANTLY

: : LESS LIKELY h DE-funded
- Child Care Assistance aME e unde

Egn Data
T1IT
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Child Characteristics & Risks Related
to “Any Preschool” (Odds Ratios)

Any Preschool
I

Male I
Hispanic
Black

Asian
Multiple Race

Poverty 1.6
Unmarried Mom

Low Maternal Education
Teen Mom

Preterm/Low Birth Weight
Inadequate Prenatal Care [ 0.7

Prenatal Smoking

e ___o_

[ - ] Percent
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Examples from

Rhode Island
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Data Ecosystem Guideposts

CZD Use = Develop programs that meet people where they are
« integrated = Help Rhode Islanders fulfill their potential

v)  data to... _

= = Responsibly steward state resources

ﬂ Integrated at the person-level Uncluttered, cleaned data

EI Informs agency operations Builds on existing assets

O State-owned and directed Security best practices

= Self-service analytics available

EE Agile, project-focused design

. Thank you to Kim Paull, from Rhode Island EOHHS for use of these slides.
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The Problem

If someone has an opioid
addiction, medication assisted
treatment (MAT) is one of the
best options. But enrollment is
spotty.

How do we encourage more
people to start and stick with

treatment?
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How-To

= Who wants to know: Opioid Overdose Task Force; Governor
= Goal: Show MAT works, especially if you stay with it

= Why: Even though MAT is the “gold standard”, it isn’t readily
accepted or offered in the medical community. Doctors who
are licensed to provide treatment often don't. When people do
enroll, many drop out quickly.

= How: Claims data from APCD and Medicaid

= (buprenorphine = Rx; Methadone = medical claim);

= Link Medicaid to Medical Examiner
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What Do the Data Say?

MAT works! But only for those And drop off one of
Immediately! who end up staying the drugs very
Our data show that on for 7+ months quickly
ER and IP visits drop ~ People whose ER, Patients who
immediately. IP use drops receive
immediately are burprenorphine
those that end up drop off much more
staying on. 80% of  quickly than those
those who died of who receive
an overdose did not methadone.
have MAT.

2018, RI | Analysis of linked data across APCD, Medicaid and Medical Examiner
Lesson: Though doctors are now signing up to prescribe Bup, we have to help them improve treatment so
patients stay on.

n
n I |
EEEEN
ACTIONABLE INTELLIGENCE

FOR SOCIAL POLICY



MAT lowers ED visits

ED Visits Per 1k by Months Relative to First MAT ED Visits Per 1k by Months Relative to First MAT (BH Only)
250 200
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150
X @2
§ g
< 150 <
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> B
o o
.3 0 JHAAAAA
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Months Relative to MAT Months Relative to MAT
IP Stays Per 1k by Months Relative to First MAT IP Stays Per 1k by Months Relative to First MAT (BH Only)
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qlll 0 IO
-40 -30 -20 -10 0 10 20 0 40 -30 -20 -10 0 10 20 30 40
Months Relative to MAT Months Relative to MAT
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Treatment length matters

Distribution of MAT Enrollees by Drug, by Length of Stay

40% of : M Buprenorphine & Methadone
buprenorphine-only =By :
prenorphine Only
enrollees drop before 3 = Methadone Only
months, compared to | 1% for
methadone enrollees.

<= 3 Months 10-12 Months 4-6 Months 7-9 Months One Year+
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|
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Treatment length matters

Number of MAT Enrollees by Drug, by Length of Stay

3163 ™ Buprenorphine & Methadone
’ m Buprenorphine Only

- ® Methadone Only

The largest group of MAT enrollees is our

most vulnerable to churn: they receive
Burpenorphine only, for less than 3 mo.
1.173
635 626
503
419
- ad Mg Al A
<= 3 Months 10-12 Months 4-6 Months 7-9 Months One Year+
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The Problem

In Rhode Island, there were 39
fatalities or near fatalities from
abuse or neglect between 2017-18,
almost all under age 6.

But DYCF had no interaction with
almost half of these children before
the event.

What does data tell us about the
best ways to help? How can other

agencies help prevent child abuse?
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What Do the Data Say?

Poverty is But not all poor So what do we do?
important! families experience Support, don’t punish
Income is highly ~ child abuse. families at risk.
correlated with Higher correlation: . Family-based approach
maltreatment, Geography to child safety (opioids,
and so are (Woonsocket); mental health)
specific parental substance . Incentives to coordingt
neighborhoods —  use (5x) or severe Inate
communities mental illness (4.5x);
matter. children who miss

doctors visits or

childcare

2018, RI | Analysis of linked data across Medicaid, DCYF, DHS, BHDDH, RIDOH
Lesson: Though our findings support the literature, we know more about how they play out in RI, in EOHHS.
And we have data to drive action.
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Ecosystem Findings: Relative Risk
or Selected Risk Factors

No maltreatment indicated

Color = Number

Maltreatment Indicated

2013 - 2017

RlteCare Children
RiteCare Parents

9,041 (15.6% of children)
10,051 (16.2% of parents)

Relative Risk for Parent-Specific Factors

Mother with Opioid Use Disorder & in DCYF as child

Parent with Opioid Use Disorder & first time parent |

Parent in |HH-ACT services & first time parent

Parent with Opioid Use Disorder & in DCYF as child
Mother with Opioid Use Disorder

Parent in IHH-ACT services & in DCYF as child

Mother with Substance Use Disorder & in DCYF as child
Mother in IHH/ACT services

Mother with Alcohol Abuse disgnosis

Parent with Opioid Use Disorder & Child in NICU
Parent with Substance Use Disorder & first time parent

Unmarried mother & Parent with Opioid Use Disorder

&~

Mother with Substance Use Disorder

Parent with Substance Use Disorder & in DCYF as child
Parent in IHH/ACT services

Parent with Opioid Use Disorder

Parent with Adjustment Disorder & in DCYF as child
Mother in DCYF as child

w
~

Parent with Alcohol Abuse diagnosis

Parent with Substance Use Disorder & Child in NICU
Parent with Depression & in DOYF as child

Parent with Opicid MAT Treatment

Parent with 3+ prior children

!‘\
(4]
o

o
~
-
o
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Relative Risk for Child-Specific Factors

Child Adjustment Disorder & Enrolled in &

Child Woonsocket Birth Residence & Adjustment Disor...

Child Woonsocket Birth Residence & Andety Disorder

Child Did Not Meet Recommended Well Visits & Adjus...

"~
~

Child Missed >2 El Appointments & Adjustment Disord...

&

Child Enrolled in El & ADD/ADHD

Child Enrolled in £l & Anidety Disorder

Child Not Screened by Child Outreach & Adjustment D...
Child Referred but Not Seen by First Connections & Ad...
Child Woonsocket Birth Residence & ADD/ADHD

Child Did Not Meet Recommended Well Visits & Ariet...

Child Enrolled in EI & W Birth Resil

Child Did Not Meet Recommended Well Visits & ADD/...

Child Missed >2 El Appointments & Anidsty Disorder

Child Did Not Meet Recommended Well Visits & Woon...

w

Child Adjustment Disorder Diagnosis

~ &~
o
o~

=)
w

46,671 of individuals
with risk factor(s)
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Questions?

Amy Hawn Nelson
AISP Director of Training & Technical Assistance
ahnelson@upenn.edu
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